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Summary:

The volumes of data collected by organizations with operations daily are Inflated as a result of advances in
computer technology. The complexity of contemporary problems by increasing the number of variables affecting it and
the possibility of interaction between these variables increased. It became hard to believe that the presumption of a
particular functional form will be able to efficiently expression of these complex problems. Neural networks have emerged
recently as a nonparametric technique to treat this kind of nonlinear problems under high linking variables and large
volumes of data. This research aims to introduce the style and types of neural networks and training algorithms, also
aims to review the various areas in which neural networks were used successfully and the most famous training programs

for the network and check the credibility.

The neural networks are applicable in the problems of causality when no complex relationship between several
independent variables (interpreted [ predictors / inputs) and one or more of the dependent variables {explained / response
/ output), and is difficult to express this relationship by traditional methods such as correlation, regression and differences
between groups. Neural networks have been applied successfully®!M IR i the areas of finance, marketing, human

resources management, operaticnal analysis, medicine, industry, and energy.

Keywords: neural networks, training algorithms, madern applications for data mining
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Wilks' Lambda
Test of Function(s) | Wilks' Lambda || Chi-square || df || Sig.
1 373 389.040|| 6| .000
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